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My research activities within MELODI
NLP at the semantics-pragmatics interface

Study context-dependent aspects of meaning that arise within sen-
tences as well as contextual phenomena that operate beyond the sen-
tence:

Question answering

Evaluative language detection (sentiment analysis, hate speech
detection, figurative language)

Intent detection (dialogues and texts)
Discourse processing
Relation extraction
Multilinguality and linguistic resources
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What is irony?

Irony is a form of figurative language that can be defined as an incon-
gruity between the literal meaning of an utterance and its intended
meaning (Grice, 1975; Sperber andWilson, 1981; Utsumi, 1996).

For example, to express a negative opinion towards a cell phone, one
can either employ:

a literal form using a negative opinion word: This phone is a
disaster
or a non-literal form by using a positive word: What an excellent
phone!!
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What is irony?
Irony in tweets: explicit vs. implicit oppositions

Explicit opposition

The speaker intentionally creates an explicit juxtaposition of in-
compatible actions or words that can either have opposite polar-
ities, or can be semantically unrelated.

The Voice is more important than Fukushima tonight
Ben non ! Matraquer et crever des yeux, ce n’est pas violent
et ça respecte les droits !!! #ironie

The explicit positive/negative contrast between a subjective propo-
sition and a situation that describes an undesirable activity or
state.

I love when my phone turns the volume down automati-
cally .
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What is irony?
Irony in tweets: explicit vs. implicit oppositions

Implicit opposition

The opposition between an assertion P describing an event or
state and a pragmatic context external to the utterance in which
P is false or is not likely to happen.

The #NSA wiretapped a whole country. No worries for
#Belgium: it is not a whole country .

#Hollande is really a good diplomat #Algeria.
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Irony in Computational Linguistics

Binary classification task classification (Gonzaloz-Ibanez et al.,2011;Reyes
et al.,2013;Joshi et al., 2016).....

Context-agnostic vs. Context-aware approaches
Many shared tasks in different languages: SemEval 2020-Task 7,
IDAT 2019, Evalita 2018, IroSVA 2019, ....
Main goal: Improve polarity detection, hate speech detection, ....
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Our objectives

Focus for the first time on irony in French tweets.

Use irony as an umbrella term that covers irony, sarcasm and
even humor.
Compared to English, French irony hashtags (#ironie, #sar-
casme, #sarcastique, etc.) are not widely used.

Study portability to Indo-European languages (English, Italian, Span-
ish) as well as less culturally close languages (Arabic).
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Methodology

(a) Study how irony is expressed in social media

Can the types of irony studied in linguistic state of the art be
found in social media such as Twitter?
If yes, what are the most frequent types? Are these types ex-
plicitly marked?
What are the correlations between irony types and these mark-
ers?
See if different languages have a preference for different cate-
gories.
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Methodology

(b) How can we exploit these correlations in a purpose of automatic de-
tection?

(b.1) Monolingual detection (focus here on French)
(b.2) Multilingual detection

−→ role of cross-lingual word representations
−→ role of syntax
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Outline

1 Impact of pragmatic phenomena on irony detection

2 Monolingual irony detection: Towards a contextual model

3 Multilingual irony detection
On the role of cross-lingual word representations
On the role of syntax
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Motivation

Different categories of irony have been studied in the linguistic liter-
ature.

Hyperbole, exaggeration, repetition or change of register, etc.

These categories were mainly identified in literary texts (books, po-
ems).
Are these categories still valid in social media contents?
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Our approach

Informed by well-established linguistic theories of irony, we proposed
(Karoui et al, EACL 2017):

A multi-layered annotation schema in order to:
Measure the impact of a wide-range of pragmatic phenomena in the
interpretation of irony
Investigate how these phenomena interact with the local context of the
tweet.

A multilingual corpus annotated according to this schema.
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A multi-layered annotation scheme
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A multi-layered annotation scheme
8 irony categories
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Data
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Annotation procedure
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Quantitative results
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Quantitative results
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Quantitative results
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Main conclusions

The annotated multilingual corpora are available upon request
The French corpus has been used for the first French shared task on
irony detection (Benamara et al, DEFT@TALN2017)
Extension of this study to Italian, see (Cignarella et al., LREC 2018).
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Our approach

Our results are interesting in a perspective of pragmatically and lin-
guistically informed automatic irony detection, since it brings out the
most discriminant features.
French irony detection focusing on irony expressed using an implicit
activation (Karoui et al., ACL 2015). Two complementary models:

Model 1: A supervised learning method relying exclusively on
the information internal to the tweet.
Model 2: A query-based method that corrects the misclassified
ironic instances of the form Not(P) by looking for P in reliable
external sources of information on the Web.
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Model 1 Results based on tweet linguistic content only
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Model 2 based on context outside the tweet
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Model 2 based on context outside the tweet
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Motivations
(Ghanem et al., ECIR 2020)
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Motivations

−→ An extended version of this Arabic dataset has been used for the first
shared task on Arabic irony detection (Ghanem et al, IDAT@FIRE 2019).
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Data
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Models
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Results
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Conclusions
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Motivations
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Methodology
(Cignarella et al., Coling 2020)
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Methodology
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Methodology
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Models
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Results

Mots/Machines #3 Mars 2021 41 / 43



Conclusions
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Many thanks to the amazing irony detection team!
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